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Path Planning of a Mobile Robot in Dynamic Environment
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An autonomous mobile robot in a dynamic environment needs to avoid static obstacles and also
needs to perform path planning while considering dynamic obstacles. In this paper, a path planning
method is proposed for avoiding encounters with moving objects by incorporating an abundance map
that represents the possibility of existence of previously observed moving objects. The proposed method
can generate a path that avoids areas with high human traffic, which reduces the probability of obstacle
encounters and path re-planning. Results of the evaluation experiment indicate that compared to con-
ventional method, the proposed method can generate a shorter path in a dynamic environment having

high human traffic.
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Table 1 Summary of results.
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